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Abstract  
This paper presents a theoretical model of user reasons to adopt or resist the use of cell phones as a 
support tool in smoking cessation interventions and its empirical testing in two country settings with 
significantly different mobile phone penetration rate: the UK and Canada. A model comprising both 
factors favourable to adoption and resistance factors was constructed and tested simultaneously with 
170 participants recruited across the UK and 252 participants recruited across Canada. Results show 
the model having motivation as favourable factor and perceived risk of using cell phones as a 
resistance factor was appropriate in explaining smokers’ intentions to use these devices as a support 
for smoking cessation if they decided to quit smoking. Although differences in perceptions between 
participants in UK and Canada were noticed, these were not statistically significant.  
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1 Introduction 
An innovative use of mobile services on cell phones in recent years has been to utilize them as a 
support channel for people participating in smoking cessation programs (Møldrup, 2007). The reasons 
for this are twofold: on one hand the number of smoking cessation initiatives increased as people and 
society became more aware of the consequences of smoking (Health Canada, 2010; Shearer and 
Shanahan, 2006) and on the other hand cell phones are an ideal support-by-communication tool due to 
their popularity, association with a unique user as well as virtually anytime-anywhere connectivity. 
A number of studies reported encouraging incipient results (Obermayer et al., 2004). However, 
outcomes, feasibility and business aspects of such approaches are still under researched. Besides these, 
another issue that deservers at least the same amount of attention regards user perceptions. Technology 
adoption literature in information systems (IS) has consistently demonstrated that user views are a key 
element for the success of any information technology (IT) deployment (Venkatesh et al., 2002). A 
solid body of research clearly shows that for an IT application to be successfully accepted by the users 
these must perceive positive factors about the application: e.g., the IT looks useful but also easy to use 
or enjoyable (Venkatesh et al., 2003). Another take on user perceptions has emerged more recently in 
IS research and sources from the views of some people seeing the technology as more and more 
complicated, intrusive, time demanding, etc. These negative factors have been encompassed under the 
concepts of perceived risk (Featherman and Pavlou, 2003) or resistance to adoption (Lapointe and 
Rivard, 2005) and bring a more balanced view in the adoption equation.  
Although a number of studies investigating such unbiased models of adoption, including for sensitive 
areas like e-health, have been published in recent years (Cocosila et al., 2009; Cocosila and Archer, 
2010), the relative importance of the positive and negative perceptions in the adoption equation is still 
under debate. Nonetheless, another aspect may be important in the case of applying a relatively well-
known technology in a new area: the possible influence of the existing context of using that 
technology on people perceptions. For instance, individual’s positive and negative perceptions on the 
innovative use of cell phones for smoking cessation may depend on the prospective user’s familiarity 
and experience with cell phones in general or with other mobile services in particular, before the 
deployment of the new application.  
Therefore, an interesting topic of research would be to compare a balanced pro-con adoption model 
including factors favouring and factors disfavouring adoption in two cultural environments, with 
potentially different experience regarding the use of cell phones and mobile services. This would 
allow a comparison of the relative influence of the positive and negative perceptions associated with 
the adoption of a new IT application as these perceptions also depend on the pre-existing conditions of 
use of that IT in those environments.  
As such a comparative study investigating user perceptions on the use of cell phones in smoking 
cessation suport in different contexts was not found in the available literature, this study attempts to 
fill the knowledge gap. For that, an empirical study proposing a theoretical pro-con adoption model 
was conducted in two nation-wide settings differing by the overall penetration rate of cell phones and 
mobile services. Thus, market studies show a much lower level of mobile penetration in Canada 
compared to the other Group of Eight (G8) major economies (TNS Global, 2009). Accordingly, a 
cross-sectional study was conducted simultaneously with 170 subjects in the UK (which is a member 
of the G8 countries with very high cell phone penetration rate) and with 252 participants in Canada. 
This paper reports on the study as follows: next section presents the theoretical background and the 
following one develops the research model and hypotheses. Next sections present research 
methodology and main findings. A discussion and conclusions section completes the paper. 
2 Theoretical Background 
IT adoption studies are a well-documented stream of research in IS literature. Various models and 
theories looking predominantly at factors favouring individuals to accept and use a new IT or IT 
application have been proposed and validated (for a detailed review see Venkatesh et al. (2003)). One 
of these models is the Motivational Model adapted for the first time to an IS adoption study by Davis 
et al. (1992). According to this model, the user Behavioural Intention to use a new IT or application 
has two key determinants: Extrinsic Motivation, corresponding to attaining an external goal by using 
the technology (hence similar to the perception of usefulness) and Intrinsic Motivation, related to the 
satisfaction associated with the very use of the technology (hence, corresponding to a perception of 
enjoyment) (Davis et al., 1992; Ryan and Deci, 2000; Venkatesh et al., 2002). The Motivational 
Model was successfully applied and refined in a number of IS studies because of its parsimony and 
overall suitability for virtually any area since it comprises the two broad reasons making people use 
the technology: external and internal (Igbaria et al., 1996; Venkatesh and Speier, 1999; Venkatesh et 
al., 2002).  
The above discussed models consider behavioural factors that would make users adopt a new IT 
application. Besides these, to express concerns on the technology being perceived as increasingly 
costlier, time-consuming, or bothering, more recent research added negative behavioural constructs to 
adoption models. These factors were called resistance to adoption by some researchers (Lapointe and 
Rivard, 2005; Lapointe and Rivard, 2006) or, apparently more often, perceived risk of using the 
technology (Cocosila et al., 2009; Featherman and Pavlou, 2003; Pavlou, 2003).  
Perceived risk was adapted in IS studies from consumer behaviour research. In this latter domain risk 
perceptions express the various types of concerns associated with a purchase: e.g., the product being 
too costly, not performing as expected, or potentially harmful (Stone and Grønhaug, 1993). In addition 
to these, research in IS also identified specific traits like fear to subscribe to an IT service from an 
unknown source or apprehension of sharing private data with the provider of a technology application. 
All of these facets express perceived threats that might have real correspondents or not. Perceived risk 
completes the balanced approach between positive and negative factors in technology adoption 
models. 
An even newer approach in IS adoption considers another type of risk: perceived risk of not using 
(Cocosila et al., 2009; Cocosila, 2010). This would be suitable for the applicability of a new IT 
solution in sensitive domains like e-health or e-learning. For instance, if using a cell phone application 
designed to support smokers willing to quit smoking, perceived risk of not using would capture user 
fears of seeing their quitting efforts unsuccessful or their health condition worsen if they do not use the 
application. 
Both motivational factors favouring adoption and virtual obstacles to a new application of an existing 
IT could be influenced by the familiarity of the users with that IT. Therefore it would be interesting to 
study a theoretical model of user adoption comprising both factors favouring adoption and factors 
disfavouring it in two contexts differing by the user exposure to cell phone services: UK and Canada, 
for instance. Thus, in Canada only about 70 to 75% of the households have access to a wireless phone 
(CWTA, 2011) and that puts Canada behind citizens of the other G8 countries with respect to owning 
and using cell phones (TNS, 2009). In contrast, the rate of penetration of mobile phones in the UK is 
about 123% (Wikipedia, 2011). Different rates of penetration of cell phones may also mean people 
may have different perceptions associated with the opportunities and obstacles of using mobile 
services.  A scientific investigation of user perceptions on the use of cell phones in smoking cessation 
programs is an excellent opportunity to test these aspects. Accordingly, this research proposes the 
following research questions: 
What are the factors favourable and the obstacles to the intention to adopt a cell phone application for 
smoking cessation? 
What are the differences between UK users and Canadian users in the perceptions on the factors 
favourable and the obstacles to the intention to adopt a cell phone application for smoking cessation?    
3 Theoretical Model and Hypotheses 
This study proposes a balanced approach in the adoption equation of cell phones for smoking 
cessation support. Thus, motivations of using a cell phone-based IT application are included as 
positive factors while the perceived risks of using the application as restricting factors. In addition to 
these, the model also includes the Perceived Risk of Not Using the mobile service in this context. The 
same theoretical model is meant to be tested in two settings: with subjects from the UK and from 
Canada. 
According to consumer behaviour literature, there are six main facets of perceived risk that could be 
identified when purchasing a service, as follows (Lim, 2003): 
 Financial risk (fear of spending too much money); 
 Performance risk (fear of not being able to handle the service or of this not performing properly); 
 Social risk (fear of disapproval reactions from significant other individuals if subscribing to such a 
service); 
 Safety risk (fear of the service being dangerous for the individual’s health); 
 Time risk (fear of wasting time with a the purchase or the use of the service); 
 Psychological risk (general anxiety about the worthiness of purchasing the service). 
These facets combine into an overall perceived risk expressing the possible negative consequence an 
individual perceives in association with the use of the service. Consequently, perceived risk results as 
a combination and compensation effect: the relative influence of various facets depends on the context 
(i.e., specific service) but the overall effect is expected to be about the same (Conchar et al., 2004; 
Stone and Grønhaug, 1993). For instance, a service perceived as more affordable and less time 
consuming may pose more performance risk and social risk. 
Following the example of previous IS research using perceived risk in technology adoption models, 
this study considers Perceived Risk of Using cell phones as a support for smoking cessation as a 
second-order construct having the risk factes as first-order constructs (Cocosila and Archer, 2010; 
Featherman and Pavlou, 2003). Four of the above facets are considered meaningful for this case: 
financial, social, time, and psychological risk. As the model is about the use of cell phones in a new 
area, it is unlikely that performance risk is significant since the users are already familiar with cell 
phones. Further, previous research showed perceived health risk associated with cell phone use is not 
significant for people already using these devices (Cocosila et al., 2007).  
Another risk dimension met in IS studies is added here to the facets sourcing from consumer 
behaviour: privacy risk (Featherman and Pavlou, 2003). This captures the anxiety about the necessity 
to disclose private data to the service provider in order to be able to use that service (i.e., a cell phone 
application in this case). Taking into account the above, the following hypotheses are proposed: 
H1-a: Perceived Financial Risk is positively associated with Perceived Risk of Using a cell phone 
application for smoking cessation. 
H1-b: Perceived Social Risk is positively associated with Perceived Risk of Using a cell phone 
application for smoking cessation. 
H1-c: Perceived Privacy Risk is positively associated with Perceived Risk of Using a cell phone 
application for smoking cessation. 
H1-d: Perceived Time Risk is positively associated with Perceived Risk of Using a cell phone 
application for smoking cessation. 
H1-e: Perceived Psychological Risk is positively associated with Perceived Risk of Using a cell phone 
application for smoking cessation. 
Previous IS studies have demonstrated that Perceived Risk of Using a technology has a negative effect 
on the Extrinsic Motivation they associate with the use: if people see some threats when using a 
technology they tend to perceive the technology as being less useful (Featherman and Pavlou, 2003). 
Further, when an IT is perceived as riskier to use, this also negatively affects the enjoyment brought 
by its very use or the Intrinsic Motivation (Cocosila et al., 2009).  
This study also proposes the integration of the Perceived Risk of Not Using the IT application in the 
theoretical adoption model. Previous research results and theoretical reasoning indicate this type of 
risk has a meaning associated with motivation (Cocosila, 2010). For instance, if not using the cell 
phone application designed to support them quit smoking, people may see their cessation efforts 
endangered. Consequently, they are expected to see a higher usefulness of the application designed to 
support them quit smoking. Perceived Risk of Not Using would thus act in the opposite direction 
compared to Perceived Risk of Using and would influence positively Extrinsic Motivation only. The 
following hypotheses are capturing the two types of risk influence:  
H2: Perceived Risk of Using is negatively associated with Intrinsic Motivation of using a cell phone 
application for smoking cessation. 
H3: Perceived Risk of Using is negatively associated with Extrinsic Motivation of using a cell phone 
application for smoking cessation. 
H4: Perceived Risk of Not Using is positively associated with Extrinsic Motivation of using a cell 
phone application for smoking cessation. 
IS studies which tested and validated the motivational model in adoption research demonstrated 
consistently that the two sides of motivation are significant positive antecedents of the Behavioural 
Intention to use an IT application (Davis et al., 1992; Venkatesh et al., 2002; Cocosila et al., 2009). 
Extrinsic Motivation that expresses the perception of usefulness is usually the stronger of the two but 
Intrinsic Motivation is also important in most cases (Venkatesh and Speier, 1999). Its effect is 
magnified by the indirect influence exerted through the extrinsic side of the motivation: when people 
perceive an activity as being more enjoyable by itself, they also tend to see the activity as being more 
useful (Deci and Ryan, 1985; Venkatesh et al., 2002). Therefore, as suggested by Davis et al. (1992), 
the two sides of motivation (usefulness and enjoyment) are the channel through which other factors 
manifest their influence on Behavioural Intention. Accordingly, the two motivations will be the only 
direct antecedents of the Behavioural Intention and the influence of perceived risk will manifest 
through them only. Therefore, the following hypotheses can be formulated: 
H5: Intrinsic Motivation is positively associated with Extrinsic Motivation of using a cell phone 
application for smoking cessation. 
H6: Intrinsic Motivation is positively associated with Behavioural Intention of using a cell phone 
application for smoking cessation. 
H7: Extrinsic Motivation is positively associated with Behavioural Intention of using a cell phone 
application for smoking cessation. 
The theoretical model and hypotheses proposed by this research are presented in Figure 1. 
 Figure 1. Theoretical model of acceptance of cell phone support for smoking cessation. 
4 Methodology 
The same theoretical model was tested through a cross-sectional study conducted simultaneously with 
participants recruited from two national settings, UK and Canada. This study was part of a larger 
project. Participants were required to be at least 18 years old, smoke at least occasionally, own cell 
phones, and be familiar with text messaging on cell phones. As the study targeted participants meeting 
the including conditions all across two entire countries, subject recruitment and data collection were 
outsourced to a specialized Web-based surveying company.  
The experiment comprised two stages. First, a Web scenario on how SMS (short message service) 
messages on cell phones may be used to help smokers quit smoking, if they chose to do so, was 
presented to informed and consenting participants meeting the including conditions. According to the 
scenario, health providers (physicians and nurses) in a call centre supporting people willing to quit 
smoking would sent participants at random times funny daily SMS messages with fresh content 
providing reminders and encouragement about quitting smoking. If having questions or needing help, 
users would be able to send text messages to the call centre and would be answered the same way as 
early as possible. Participants learned that if they decided to subscribe to the service this would be 
offered for 6 months and they would have to cover their SMS expenses. For increased realism, study 
participants were also presented samples of cell phone screen shots with actual messages. The scenario 
was not urging participants to quit smoking at any point. 
Second, following the Web scenario, an online survey elicited participant perceptions on the above 
suggested use of text messaging support for smoking cessation. The survey measured through closed-
ended questions items of the latent variables in theoretical model as well as relevant demographic 
characteristics. All items were captured with 7-point Likert-type scales adapted from previous research 
in IS (motivation constructs (Venkatesh and Davis, 2000; van der Heijden, 2004) and privacy risk 
(Featherman and Pavlou, 2003)), healthcare (perceptions on smoking and smoking cessation (Horne et 
al., 1999)) and consumer behaviour (financial, social, time and psychological risk (Stone and 
Grønhaug, 1993; Laroche et al., 2004)).  
5 Main Findings 
5.1 Demographics of participants 
A total of 300 invitations for participation were sent to subjects meeting including conditions in each 
of the two countries. At the end of data collection and cleaning process 170 valid responses from the 
UK and 252 from Canada were recorded. Table 1 shows the demographic characteristics of the two 
samples in average numbers.  
 
Participant Characteristics UK Sample Canada Sample 
Sample size  170 252 
Age  41.1 years 41.2 years 
Gender    
 Female 50.0% 55.1% 
 Male 50.0% 44.9% 
Smoking habits    
 Experience 23.9 years 23.6 years 
 Cigarettes 84.2 per week 99.8 per week 
Experience with cell phones and SMS    
 Cell phone use 10.3 years 8.8 years 
 SMS use 8.8 years 4.0 years 
Recent SMS activity     
 SMS received 46.1 per week 47.2 per week 
 SMS sent  57.5 per week 57.7 per week 
Table 1. Demographics of participants. 
The characteristics in Table 1 show survey participants were mature people with a significant number 
of years of smoking and with a quite large experience in terms of cell phone and SMS use. As 
expected, participants in the UK setting had a longer experience with cell phone use and more than 
twice the experience with SMS compared to participants in the Canada setting. 
5.2 Theoretical model evaluation 
Theoretical model was analyzed with Partial least Squares (PLS) technique due to the suitability of 
this tool for complex models having more model-development or exploratory rather than confirmatory 
purposes (Bontis et al., 2002; Chin, 1998; Reinartz et al., 2009). Perceived risk of using the technology 
was evaluated as a second-order construct through a repeated indicators approach (i.e., based on the 
five first-order perceived risk facets) (Lohmoller, 1989). PLS is suitable for this approach as it can 
handle well formative indicators (Thomas et al., 2005). SmartPLS (Ringle et al., 2005) was used as 
software. 
Measurement model was first analyzed for both samples (Gefen and Straub, 2005). As indicated in 
Table 2, all first-order latent variables displayed Average Variance Extracted (AVE) values greater 
than 0.5, and Composite Reliability and Cronbach’s alpha values above 0.7. All item loadings were 
above 0.5 and were significant. These demonstrate appropriate reliability and convergent validity of 
all measures (Bontis, 2004; Fornell and Larker, 1981; Jarvenpaa et al., 2004).  
 
Construct UK Sample Canada Sample 
     AVE 
Composite 
Reliability 
Cronbach’s 
alpha AVE 
Composite 
Reliability 
Cronbach’s 
alpha 
Perceived Financial Risk 0.672 0.859 0.764 0.691 0.870 0.776 
Perceived Social Risk 0.834 0.938 0.899 0.858 0.948 0.917 
Perceived Privacy Risk 0.777 0.912 0.855 0.832 0.937 0.899 
Perceived Time Risk 0.865 0.950 0.922 0.803 0.924 0.877 
Perceived Psychological Risk 0.875 0.955 0.928 0.783 0.915 0.860 
Perceived Risk of Not Using 0.657 0.885 0.837 0.733 0.916 0.878 
Intrinsic Motivation 0.771 0.910 0.851 0.819 0.931 0.889 
Extrinsic Motivation 0.672 0.890 0.835 0.700 0.902 0.856 
Behavioural Intention 0.923 0.960 0.917 0.965 0.982 0.964 
Table 2. Average Variance Extracted, Composite Reliability and Cronbach’s alpha values for 
first-order constructs. 
A visual inspection of the matrix of loadings and cross-loadings resulted through SmartPLS run 
showed items loaded more on the constructs they were supposed to pertain to than on other constructs 
for each of the models. In addition, square root of AVE for all constructs was larger then their 
correlations with the other constructs. These allowed the conclusion of appropriate discriminant 
validity for the latent variables of both models (Fornell and Larcker, 1981; Gefen and Straub, 2005). 
Overall, the measurement model was considered suitable in terms of reliability and construct validity 
for both samples and this allowed proceeding with the next step of the PLS analysis.  
Structural model analysis was done by evaluating SmartPLS output after a run with a bootstrap with 
500 re-samples. Path coefficients, their significance levels, and hypotheses outcomes for both models 
are shown in Table 3. 
 
Hypo-
thesis 
 
 
Path 
UK Sample Canada Sample 
Coeffi-
cient 
p-
Value 
Hypothsis 
Outcome 
Coeffi-
cient 
p-
Value 
Hypothsis 
Outcome 
H1-a Financial Risk -> Risk of Using 0.145 <0.001 Supported 0.209 <0.001 Supported 
H1-b Social Risk -> Risk of Using 0.248 <0.001 Supported 0.275 <0.001 Supported 
H1-c Privacy Risk -> Risk of Using 0.236 <0.001 Supported 0.288 <0.001 Supported 
H1-d Time Risk -> Risk of Using 0.321 <0.001 Supported 0.355 <0.001 Supported 
H1-e 
Psychological Risk -> Risk of 
Using 0.320 <0.001 Supported 0.269 <0.001 Supported 
H2 
Risk of Using -> Intrinsic 
Motivation -0.266 <0.05 Supported -0.172 >0.05 
Not 
Supported 
H3 
Risk of Using -> Extrinsic 
Motivation -0.139 <0.05 Supported -0.002 >0.05 
Not 
Supported 
H4 
Risk of Not Using -> Extrinsic 
Motivation 0.205 <0.05 Supported 0.207 <0.05 Supported 
H5 
Intrinsic Motivation -> Extrinsic 
Motivation 0.564 <0.001 Supported 0.651 <0.001 Supported 
H6 
Intrinsic Motivation -> 
Behavioural Intention 0.316 <0.01 Supported 0.296 <0.05 Supported 
H7 
Extrinsic Motivation -> 
Behavioural Intention 0.488 <0.001 Supported 0.538 <0.001 Supported 
Table 3. Results of hypotheses testing. 
Table 3 indicates that all hypotheses were supported for the UK sample and all but two hypotheses 
were supported for the Canada sample. As hypothesized, first order perceived risk constructs have a 
significant contribution to the second-order Perceived Risk of Using. The motivations (the extrinsic 
one, especially, having Perceived Risk of Not Using as a significant antecedent) are strong and 
significant positive determinants of the Behavioural Intention and Perceived Risk of Using is a 
significant negative antecedent of the Behavioural Intention for the UK sample. About the same 
observations can be formulated for the Canada sample except that Perceived Risk of Using is slightly 
below the 0.05 significance level.  
Total effects output produced by SmartPLS (Table 4) shows Intrinsic Motivation has the highest 
overall effect on Behavioural Intention exerted through the direct path as well as through the Extrinsic 
Motivation. Perceived Risk of Using the IT has a negative effect that is significant only for the UK 
sample while Perceived Risk of Not Using has a positive effect, as expected, but this is slightly non-
significant for both samples.  
 
 
 
Construct 
UK Sample Canada Sample 
Coefficient p-Value Coefficient p-Value 
Perceived Risk of Using  -0.225 <0.01 -0.112 0.27 
Perceived Risk of Not Using  0.100 0.07 0.111 0.06 
Intrinsic Motivation  0.591 <0.001 0.646 <0.001 
Extrinsic Motivation  0.488 <0.001 0.538 <0.001 
Table 4. Total effects on Behavioural Intention to use cell phone support for smoking cessation. 
The theoretical model demonstrates relatively high explanatory power. Thus, the variance explained 
(R
2
) for Behavioural Intention is 0.560 and that for Extrinsic Motivation 0.551 for the UK sample. The 
corresponding values for the Canada sample are 0.616 and 0.595. R
2
 values for Intrinsic Motivation 
are comparatively smaller (R
2
=0.071 and R
2
=0.030, respectively) but such values are not uncommon 
in IS studies (Moon and Kim, 2001).  
All demographic measures collected through the survey were tested as possible control variables for 
both samples. Age, gender, years of smoking and number of cigarettes smoked as well as all data on 
cell phone and SMS experience and use were tested as possible influence factors by being added as 
constructs to the model followed by re-running SmartPLS every time. None of these factors had a 
significant influence on the endogenous constructs of the model for either sample with one exception: 
age of the respondents in the UK sample had a significant positive influence (at the level 0.05) on their 
Intrinsic Motivation to use the SMS application. 
5.3 Model comparison between UK sample and Canada sample 
The comparison between the theoretical model analysis for the UK sample and for the Canada sample 
was done by assessing the degree of difference between the path coefficients of the two models with 
the following t-statistic (Ahuja and Thatcher, 2005; Chin, 2000): 
t=(Path1-Path2)/[Spooled*sqrt(1/N1+1/N2)] 
where Path1, Path2 are the corresponding path coefficients in the two models and N1, N2 are the 
sample sizes. 
Spooled is the pooled estimator for the variance and was calculated with the formula: 
Spooled=sqrt{[square of (N1-1)/( N1+N2-2)]*square of Se1+[square of (N2-1)/( N1+N2-2)]*square 
of Se2} 
where Se1, Se2 are the standard errors of the path coefficients in the two models.  
The above approach can be applied when the variance of the two samples that are compared is 
approximately the same. As a t-test of the difference of the overall variance of the paths of the two 
models showed non significance (p-value = 0.99), the above approach could be applied and the results 
are presented in Table 5. A visual inspection of this table shows the path coefficients in the two 
models have comparable values and no absolute difference significant at the 0.05 level could be 
identified. 
 
 
 
 Path 
UK Model 
Path 
Coefficient 
Canada 
Model Path 
Coefficient 
Path Coefficient 
Absolute 
Difference 
 
p-
value 
Financial Risk -> Risk of Using 0.145 0.209 0.064 0.21 
Social Risk -> Risk of Using 0.248 0.275 0.027 0.37 
Privacy Risk -> Risk of Using 0.236 0.288 0.052 0.22 
Time Risk -> Risk of Using 0.321 0.355 0.034 0.27 
Psychological Risk -> Risk of Using 0.320 0.269 0.050 0.21 
Risk of Using -> Intrinsic Motivation -0.266 -0.172 0.094 0.33 
Risk of Using -> Extrinsic Motivation -0.139 -0.002 0.137 0.10 
Risk of Not Using -> Extrinsic Motivation 0.205 0.207 0.001 0.50 
Intrinsic Motivation -> Extrinsic Motivation 0.564 0.651 0.088 0.23 
Intrinsic Motivation -> Behavioural Intention 0.316 0.296 0.021 0.45 
Extrinsic Motivation -> Behavioural Intention 0.488 0.538 0.050 0.38 
Table 5. Model comparison between the UK setting and the Canada setting. 
6 Discussion and Conclusions 
The scope of this research was to propose a theoretical model of user adoption of a new IT application 
comprising both factors favouring adoption and factors disfavouring it and test the model in two 
contexts differing by the rate of penetration of cell phone services: UK and Canada. The framework 
for testing this model is the adoption of a cell phone application for supporting smoking cessation. The 
model was tested empirically through a cross-sectional study conducted simultaneously with 170 
participants from the UK and 252 participants from Canada.   
The first research question posed by this study was: What are the factors favourable and the obstacles 
to the intention to adopt a cell phone application for smoking cessation? As a confirmation of 
previous findings of IS research, we found both sides of motivation to have a strong and significant 
influence on Behavioural Intention (Venkatesh et al., 2003). As results in Table 3 show, for both 
samples the direct influence of Extrinsic Motivation is larger than that of Intrinsic Motivation (0.488 
vs. 0.316 for the UK sample and 0.538 vs. 0.296 for the Canada sample). However, in both contexts 
the total effect of Intrinsic Motivation is larger than that of Extrinsic Motivation, as seen in Table 4 
(0.591 vs. 0.488 for the UK sample and 0.646 vs. 0.538 for the Canada sample). This is consistent 
with previous research that shows intrinsic motivation plays an important role in the adoption equation 
(Childers et al., 2001; Igbaria et al., 1996). This indicates that developers of cell phone applications for 
apparently useful applications like smoking cessation should give the enjoyment side full 
consideration because this is important for e-health applications seen more as health promotion, hence 
without immediately apparent outcomes (Cocosila et al., 2009). Age effect on Intrinsic Motivation that 
was seen only in the UK sample, and according to which the older the users the more enjoyable they 
would see the technology when used as a support for smoking cessation, deserves further 
investigations.  
All of the hypothesized perceived risk facets were found to have a highly significant influence (at the 
0.001 level) in the Perceived Risk of Using the IT application. However, the overall risk of using was 
found to have an inconsistent influence in the model. While it was perceived as an obstacle to the use 
of IT, as in consumer behaviour or IS studies (Laroche et al., 2004; Featherman and Pavlou, 2003), by 
the UK sample, the influence was not significant (although it was close to the 0.05 significance 
threshold) in the Canada sample (Table 3). Therefore there are sufficient reasons for developers of cell 
phone applications to take into consideration several types of user concerns: possibly spending 
worthless money and time with these applications, having social inconvenience, giving control over 
their private information, or not being sure about why using such services. Perceived Risk of Not 
Using was found to reinforce the perception of usefulness associated with these applications (at the 
significance level 0.05). Therefore, educational initiatives stressing the consequences of not using such 
IT applications are important for enhancing their chance of success.  
The theoretical model demonstrated moderately high values of explanatory power (e.g., 0.560 for 
Behavioural intention in the UK sample and 0.616 for the Canada sample). Further, as the majority of 
the hypothesized paths were significant, this allows the conclusion that the model is appropriate from a 
validation point of view (Bontis et al., 2000). 
The second research question posed by this study was: What are the differences between UK users and 
Canadian users in the perceptions on the factors favourable and the obstacles to the intention to adopt 
a cell phone application for smoking cessation? This research question was justified by the differences 
in cell phone and SMS penetration rate between the two settings starting from the percept that users 
would judge a new application of an existing IT depending on their previous experience with that IT. 
However, statistical tests done path-by-path did not reveal a significant difference between the 
theoretical model results when applied in the two settings (Table 5). This shows that different 
experience with the technology does not influence the outcomes of the adoption model when the IT is 
applied in a new direction. The only aspect that deserves attention in future studies is the influence of 
Perceived Risk of Using that appeared to be higher (although not significantly) for more experienced 
users (i.e., UK setting). 
This empirical research has also some limitations, similar to virtually all empirical studies in 
information systems. The most important limitation is the use of a convenience self-selected sample 
from the panellists pre-registered with a Web-surveying company. However, the use of such a method 
of recruiting participants allowed nation-wide surveying of various cell phone users and this made the 
samples more realistic. A difference in response numbers was recorded between the two settings: a 
smaller response in the UK setting compared to Canada setting. Another limitation regards the use of a 
scenario to elicit participant perceptions on the innovative use of SMS on cell phones. However, the 
use of scenarios is a tool utilized in some IS and behavioural research (Jarke, 1999) especially for an 
incipient application. Further, the study participants were already cell phone and SMS users and, to 
make the experiment more realistic, they were provided actual cell phone screen shots. Moreover, 
from a broader point of view it is important to understand user views in the preliminary stages of 
developing innovative applications to avoid costly mistakes difficult to repair in later phases 
(Venkatesh et al., 2002). In terms of methodology, the use of PLS versus covariance-based techniques 
is still controversial in IS literature in terms of the ability to detect differences between groups 
depending on the magnitude of that difference, sample size and normality (Qureshi and Compeau, 
2009). Using Likert-type scales adapted from previous research for data collection keeps the 
likelihood of common method variance at a level usual for social sciences research (Huigang et al., 
2007; Sharma et al., 2009). Taking into the account all of the above, it can be said this study did not 
have more limitations than similar IS research. 
Overall, this study is an empirical investigation on the roles of behavioural positive factors and 
negative elements in the adoption of cell phones as a support for smoking cessation by testing this 
theoretical approach in two settings with different rates of cell phone penetration: the UK and Canada. 
The study confirmed the proposed research model as appropriate in both settings without statistically 
significant differences in its applicability. Further research is expected to elaborate on the possible 
factors of difference between various contexts of using new IT applications.  
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